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Abstract

This research aimed to find a suitable dataset and to create a suitable model for predicting
prospective university student admissions during the COVID-19 situation. The student admission information
of Faculty of Science, Ubon Ratchathani University, during academic year 2018-2021 consisted of 4,748
records and 18 factors. To compare the predictive performance, five algorithms were used: Random
Forest, Naive Bayes, Logistic Regression, Support Vector Classification, and Ensemble. In addition, the
accuracy metric was used for the performance evaluation. This experiment was divided into two
parts. The first part of the experiment was to find a suitable data set to create a prediction model for
prospective university student admissions during the COVID-19 situation. The results showed that the 2021
academic year dataset, which was during the COVID- 19 pandemic, had the highest accuracy at 66.67%.
In the second part of the experiment, the 2021 data set was divided according to the number of courses.
The results showed that the prediction performance had a higher accuracy value. The biology course had
the highest accuracy of 78.69 percent using the Naive Bayes algorithm. Furthermore, the support vector
classification algorithm was able to predict the highest accuracy for up to 5 courses compared to other
algorithms. Therefore, creating a model by dividing the data set according to the number of courses is

more efficient than creating one model using the entire dataset.
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#AAMLL
def choose_model(x):

Af =13
#3anaifiy RandomForest
print("RandomForestClassifier”, end=" ")
return RandomForestClassifier(n_estimators=1000)

elif x==2:
#0anaiinu naive bayes
print("naive_bayes", end=" ")
return GaussianNB()

elif x==3:
#3anaifiy LogisticRegression
print("LogisticRegression”, end=" ")}
return LogisticRegression(random_state=1)

elif x==4:
#3anaifiyu Suppor Vector Machine
print("SVC", end=" ")
return make_pipeline(StandardScaler(), SVC(gamma='auto'))

elif x==5:
c1lfl = RandomForestClassifier(n_estimators=1068)
c1f2 = GaussianNB()
c1f3 = make_pipeline(StandardScaler(), SVC(gamma='auto'))
clf4 = LogisticRegression(random_state=1)
print("Ensemble”, end=" ")
return VotingClassifier(estimators=[('rf', clfl),
('gnb', clf2), ('svc', clf3), ('lr', c1f3)], voting='hard")
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