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Forecasting the Future of Time Series Data Using Machine Learning
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Abstract

The purpose of this presents a methodology for creating time series forecasting models using
multivariable time series data for training machine learning. In this research, we propose a model for
predicting future data for time series data. We select four machine learning techniques: Moving
Average (MAV), K-Nearest Neighbor (KNN), Adaptive Neuro Fuzzy Inference Systems (ANFIS) and
Multilayer Perceptron (MLP). This research uses water volume of 15 Royal Irrigation Project during 7-
year period, 12 variables of time series water data, Variables 1 through 11 are used as the input for
predicting Variable 12. The results show that the MLP performed best prediction with rmse equals
0.486. The other techniques yield rmse equal 1.376, 2.169, and 4.284, for KNN, Moving Average, and
ANFIS, respectively.
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