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Abstract

Accidental detection system facilitates police officers to
easier monitoring road eventswithoutcontinuouslykeep looking
at CCTV’s screen. This paper presents a novel technique for
accidental detecting approach in videos. The main novelty of
this work is the use of invariantlocal features (SIFT) to
represent vehicle object incorporating with other significant
factors for accidentalevent determinationsuch as vehicle size,
moving direction, and speed to enhance accidental video
analysis. The experimental results demonstrated that the

proposed technique can increase the power of the detection

system up to 72.41%. In addition, the use of local feature can
improve vehicle recognition performance significantly.As a

result, accidental detecting accuracy is improved.

Keyword: Image and Video Processing, Accidental Detection,

Visual Word, Bag of Visual Word.
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